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1 RELEVANCE TO DIR
Recommender systems suggest users items to consume, try, or buy,
by learning from our past interactions, inferring our interests, and
making predictions. A criticism of recommender systems has been
that they "over-personalize”: censoring user choices over time and
effectively polarising users’ preferences [2, 7]. One approach that
addresses this relative uniformity of recommendation is diversifica-
tion of items within a list. However, not only algorithmic diversity,
but also user perceptions of diversification are expected to play a
role: Wilhelmsen et al. found that people were able to detect differ-
ent degrees of diversification [10], while Ferwerda et al. found that
diversification only improved recommendation attractiveness if it
also lead to a perceived sense of discovery [4].

In music, there has been progress on automatically generating
playlists [1, 3, 5, 9], but to the best of our knowledge this work did
not also consider ordering and diversity, or whether the improve-
ments in accuracy were beneficial from a user perspective. This
work is part of a larger agenda of understanding user requirements
for constructing sequences of items. This enables the community
work on diversification algorithms that consider user perceptions
of diversity.

2 RESEARCH SUMMARY
The paper in UMAP’17 [8] raised the question of what happens in
domains, like music, where recommended items are usually con-
sumed in sequence. A sequence not only affords a recommender
system more chances to make accurate recommendations, but also
to mix familiar and unfamiliar items. However, this situation also
creates new challenges for recommendation quality and user satis-
faction (i.e., two given items are good recommendations when con-
sidered in isolation, but create a poor experience when consumed
in sequence). In contrast, recommendation lists are commonly seen
as top-N recommendations where the user selects one or only a
handful of items from a list of N items. The paper presented an
exploratory study with users of a live recommender systems which
presents playlists, focusing on the perspective of users, addressing:
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• How users perceive diversity: Which items should be kept
familiar, which should be diversified?

• How users perceive the role of ordering: What expectations
do they have?

In this study three-quarters of participants felt that the list
needed to be diverse, and almost all felt that the songs had to
be novel to them. However, they also preferred specific types of
familiarity: two-thirds expected to see familiar genres, 20% familiar
artists, and 5% familiar titles. One surprising result was that partic-
ipants did not expect the recommended list to be in a particular order,
nor did they find this property to be important. Users do not seem to
be consciously seeking a sequential narrative (i.e., they might be
using the system for background listening), even if songs can (and
are likely to) be consumed in a sequence.

Consequently, this pilot study enables us to formulate new hy-
potheses about user perceptions of ordering in diverse sequences.
Firstly, when users consider ordering they may be looking for some-
thing in particular, like an increase in tempo across songs, or the-
matic progression (found to be important in user generated playlists
[6]). It may also be more important to identify constraints on or-
dering than to seek an optimal ordering. There are orderings that
would be unsuitable for most listeners, like playing songs in very
different genres, or highly different tempos in direct succession.
Our current work studies which types of ordering choices are per-
ceptible to users, and influence satisfaction. It investigates the role
of varying the distance of songs, and using intermediate songs to
create a “smooth transition”. This work involves a service-neutral
environment, and studies active listening behavior.
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